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Figure - Overview of a multi-label tagging system. (http://dcase.community/challenge2019/task-audio-

tagging)



MT-GCN For Multi-Label Audio Tagging With[Noisy Labels

Large but noisy labeled data / Small but precisely curated data +———
=> Could be overfitted to noisy labeled data




MT-GCN|For Multi-Label Audio Tagging With Noisy Labels

— Multi-task Learning based Graph Convolutional Network
that learns domain knowledge from ontology
=> Regularization effect
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Block diagram of MT-GCN
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Benchmark dataset : FSDKaggle2019 in DCASE2019 Challenge (Not Google AudioSet)
Multi-task learning network : ResNet-101
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Figure — Google AudioSet Ontology. (https://research.google.com/audioset/ontology/index.html)



Experiment and Results

Type of correlation (=Adjacency=Affinity) Matrix for MT-GCN

1) MT-GCN_1 : Co-occurrence based method one - (method of *Chen, Zhao-Min, et al.)
=> Use only curated dataset
2) MT-GCN_2 : Co-occurrence based method one - (method of *Chen, Zhao-Min, et al)
=)> Use curated and noisy dataset

3) MT-GCN_3 : Ontology-based method one (Using Google AudioSet)
=> Train GCN using only n nodes in AudioSet
4) MT-GCN_4 : Ontology-based method two (Using Google AudioSet)
=> Train GCN using all Vnodes in AudioSet and slices out only 7 nodes
(N - Google AudioSet class number, n - benchmark dataset class number (MV>>> n)

Methods Overall Lwlrap
MTN 0.6794
MT-GCN_1 0.6941
MT-GCN_2 0.7178
MT-GCN_3 0.7244
MT-GCN 4 0.7405

Lwlrap : label-weighted label-ranking
average precision (0 bad ~ 1 good)

*Chen, Zhao-Min, et al. “Multi-label image recognition with graph convolutional networks”, CVPR 2019
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