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Text-to-Graph Conversion

Characters of input texts are represented by

Hyper-parameter Tensor dimension nodes

Node embedding 512-D

Effeheﬁgfii?ogder 55151‘22[)3) « The adjacency connections among characters are
GAE 128.D modelled by edges.

(solid: directed edges / dashed: reverse edges)

Table 1. Model configuration

« The connection between characters in a word is
identified with the strong connection
(represented by word-level red lines)

jejeipelejeseoyo) _ _ « The connection between characters in different
Bob bor ooweght . AL ice . words is identified with the weak connection
(represented by sentence-level purple lines)

Fig. 3. Character-level text-to-graph module




Graph auxiliary encoder (GAE)
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« The main information flow follows the
original structure of Tacotron2

« |t guarantees the monotonic alignments of
text characters and speeches.

« GAE makes the prosody modelling of the
speech generation as an automated
procedure.



 Baseline: Transformer-TTS

- Experimental group: graph-tts, graph-tts-iter5, gae



Experiments

» Loss curves
(Orange: transformer-tts / Navy: graph-tts / Red: grap-tts-iter5 / Blue: gae)
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Experiments

« Qutputs

1. Melspectrogram
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Experiments

« Qutputs

2. Enc-Dec alignments (6-layer, 4-head each)
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Experiments

« Qutputs
3. Stop prediction
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« Qutputs

4. Audio Samples

GraphTTS / Transformer-TTS
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https://leeyoonhyung.github.io/GraphTTS/
https://leeyoonhyung.github.io/Transformer-TTS/
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