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Semantic Graph Convolutions

 Convolution operation for “vanilla” GCN(ResGCN)

 Convolution operation for SemGCN
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Semantic Graph Convolution
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SemGCN Architecture

 One residual block built by two SemGConv layers

 One residual block is followed by one non-local layer
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3D Human Pose Regression

 3D pose estimation without depth imformation is really hard problem

 Recently, it has proven that 2D pose estimation is crucial for 3D pose estimation

2D RGB image

+ 2D Pose estimation
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3D Pose estimation
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3D Human Pose Regression

 Whole framework consist of two neural network:
- 2D Pose Estimation Network(ResNet, Hourglass)
- 3D Pose Estimation Network(SemGCN)

 Pool features from multiple layers in ResNet

 Inputs of SemGCN: 2D locations(coordinates), pooled feature from ResNet
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Results
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Public Code
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 Github public code link: https://github.com/garyzhao/SemGCN

 Dataset setup
- Data 폴더에 h36m dataset zip 파일로 다운(license 획득에 1주일 정도 필요, 링
크 상에 있는 아카이브 파일은 현재 다운 불가)
- Dataset folder README 파일에 있는 Setup from original source를 보고
Human3.6m 데이터셋의 2D, 3D pose npy 파일을 생성

 Train&Evaluate
- Evaluating pretrained model

- Train from scratch

https://github.com/garyzhao/SemGCN
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Code structure
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 Main files: main_gcn.py(proposed method), main_linear.py(baseline)

 Network: model folder에 있음, sem_gcn.py(SemGCN 파일)에서
sem_graph_conv.py(SemGConv layer)를 불러와 SemGCN class를 구성
sem_graph_conv.py 대신 sem_ch_graph_conv.py를 사용할 경우 channelwise 
SemGConv layer를 사용가능

 Common: dataloader, train, loss, visualize 함수 등 train과 evaluation에 필요한
함수들 전반 포함

 Reproducing result example(train from scratch)


