
Graph Convolution Networks

SeungWoo Yu

Seoul National University

1



J. Y. Choi. SNU

Wavelet Transform
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Mexican hat Wavelet
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Graph Wavelet Transform

 Scaling & Translation(Hammond et al,2009)

 Kernel

 Polynomial Approximation
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Spectral GCN
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Graph Wavelet Transform

 Polynomial Approximation for fast SGWT(Spectral Graph Wavelet Transform)
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Graph Wavelet Neural Network

 Sparseness of wavelet
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Experimental Results

 Parameter complexity
 Two level learning in a layer

 Big O of parameter complexity
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Experimental Results

 Accuracy

 Matrix Density
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Conclusion

• Graph wavelets are local and sparse

• Graph wavelet transform is computationally efficient

• Convolution is localized in vertex domain

• Detached the feature transformation from convolution
• Reduce the number of parameters

• My opinion
• Performance reduction when Scaling factor number is increased

• Using only two layer
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